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Abstract

Although SMS is constantly used to transmit information, little is known about the use of

it by public institutions for publicizing their services. This paper presents a field experiment

in France to analyze the effectiveness of SMS for providing information. The SMS directed

young people, who are not in employment, education or training (NEET), to public assis-

tance agencies seeking to enroll them. All the SMS were individualized and included specific

information about the agencies. A subset of SMS was also written in a style based on how

young people communicate. Results indicate that the SMS had no significant effect on enroll-

ment whatever style was adopted. There is also no apparent heterogeneous effect according

to individual, agency, or location characteristics. These findings show that sending SMS to

this population is not an effective strategy for increasing public assistance agency uptake.
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1 Introduction

Many countries face hard times to identify and attract young people, in difficulty vis-à-vis

the labor market, in public programs.1 Every year in France, about 40,000 young people

are identified as not in employment, education, or training (NEET) during the French na-

tional “army days”. Military instructors are required to guide this population toward active

programs supplied by partner public institutions. Among them, the mission locale is the

main institution that helps young NEETs to deal with their problems (employment, housing,

transport, etc.). As well as young people who approach them directly, the local agencies are

required to contact all NEETs whose details they receive from military centers. However, data

indicate that almost 50% of NEETs do not go to an agency and remain off track. This figure

raises questions about how institutions communicate and suggests that they should consider

other ways of communicating to enroll greater numbers.

Nowadays, most individuals communicate through SMS on a daily basis.2 Whether they

are sent to relatives to maintain relationships (Ling, 2010), by private firms to sell their

goods (Rettie et al., 2005), or by medical centers to sustain individuals’ efforts in combating

substance abuse (Mason et al., 2015), SMS seem to be an effective channel of communication

for transmitting salient information. Accordingly, might SMS be an appropriate solution for

public assistance agencies to reach young NEETs?

SMS must be appropriately used to be effective, especially for young people. Some studies

show that texts addressed to young people should be more carefully analyzed if they are to

provide them with better advice about educational, health or life choices (Hudson et al., 2012;

Graham, 2013; Ehrenreich et al., 2014). For instance, the US firm AT&T saw an increase

in positive reactions from young people after broadcasting a series of TV commercials in

which the protagonists spoke like young people’s text messages (Jones and Schieffelin, 2009).

Accordingly, if public assistance agencies were to adopt certain features of young people’s

communication style such as abbreviations, exclamation marks and emojis, would they be

more effective in attracting young NEETs?

I address these two questions in this paper. I adopt the point of view of the public

authorities and test new ways of delivering information to young NEETs.3 More specifically,

information was provided experimentally via texts directly sent to NEETs’ phone numbers.

Some youths were identified as NEET during the French national army days, which are

compulsory for all French individuals under the age of 25. Those who were identified as

NEET between January and May 2019 were randomly assigned to one of five different groups

1See for instance the OECD collection Investing in Youth at https://www.oecd-
ilibrary.org/employment/investing-in-youth 24126357 in which each country reports such difficulty.

2I use the terms SMS, texts, text messages, or text messaging as synonyms throughout the whole paper.
3See Sunstein and Thaler (2003) and Chetty (2015) for more general discussions and theoretical justifications

for these types of methods given the implicit assumptions of imperfect information and/or bounded rationality.
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with equal probability. They received information on the nearest mission locale agency. The

first group did not receive any texts and served as the control group. The second group

assigned to an initial treatment received a typical text containing the name of the assistance

agency, a sentence about what it broadly did, and its postal address. Three other groups were

assigned to a second treatment and received stylized texts with additional specific information.

In addition to the same basic information given to the first treatment group: the third group

was told the exact distance in kilometers between them and agency locations; the fourth

group was told the exact number of youths enrolled in the agency during the previous month;

and the fifth group received all this information. Except for those in the control group, all

participants received the same text twice, the second being a reminder of the first.

Texts received by the first treatment group are similar to typical texts sent by some

institutions, with basic information (name and location of the agency) and no particular

design for the text content. In contrast, the other texts were designed and constructed on

the basis of an extensive literature in psychology and brain science in order to better match

the way young people communicate. Jones and Schieffelin (2009) note that young people

communicate through texting in a way that differs from the standard forms of speaking

or writing, by playing with words, grammar, etc. Though structurally similar to typical

texts for statistical comparisons, they include specific elements such as an intimate tone or

punctuation marks associated with positive emotions when referring to oneself or undertaking

actions after reading the texts. Riordan and Kreuz (2010) and Ling and Baron (2016) show

that computer-based-communication (CMC) includes particular cues that differ from those

used in face-to-face (F2F) communication. For instance, emoticons are an important part of

texts because they allow individuals to mimic different facial expressions that cannot be easily

displayed in CMC.

The information included in the texts was chosen for at least four reasons. First, the

name and postal address of the agency clearly state the position of a public assistance agency

which the person addressed may previously not have heard of or know little about after

the army days. Second, the exact distance in kilometers may help the receivers to better

estimate the time needed to get to the agency from where they are currently located. Third,

past enrollment may give a better sense of the number of youths similar to those receiving

the texts. This information can be used as a way of correcting certain prior beliefs about

what similar young people may do. Fourth, other information related to the success rates of

agencies, which might be of interest to this population, were difficult to transmit because of

the time needed to ascertain them.

In total, 4,457 young people were included in the experiment and 3,540 of them received

text messages between March and July 2019 throughout mainland France and French overseas

territories. Based on administrative records, both linear regressions and duration analyses

are performed. Analyses indicate that the texts have no overall effect, irrespective of the
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text style. Nor do they reveal any heterogeneity in relation to individual, agency, or location

characteristics, especially after robustness checks were carried out. Regarding the effects of

distance on NEET take-up, all texts seem to attenuate the small negative effect of distance,

probably because of the provision of the exact postal address, which could allow individuals

to better estimate the time needed to get there. However, texts do not change the effect of

past enrollment on NEET take-up, even though this information is not easily available online

and may alter beliefs about what other young NEETs may do.

There are several possible reasons for the non-significant effect of text messaging. First,

information on distance and past enrollment may not be relevant for this population. Second,

the laps of time between the army days and sending the texts may have been too long in

practice - 50 days on average, although variations in transmission timing over a month do

not reveal any differences -, especially as the military instructors may have first informed the

young people about the existence of mission locale agencies during the army days. Third,

alternative designs for text messages might have been more appropriate, rather than sending

only two texts following the army days. It would have been possible, for example, to have

sent several texts over time to support the receivers, with other elements in the message such

as words of encouragement, more or fewer emoticons, two-way interaction, etc. Fourth, the

psychological and external barriers encountered by young people may be too great for text

messaging alone to motivate them. Given that NEETs may wrongly estimate their ability

to improve their situation or may feel locked into it, greater interaction in communicating

with them would be more effective. Indeed, caseworkers or third-parties engaged in matching

youths to specific programs can adapt in real time to their expectations and the range of

programs available.

The particular vulnerability of the NEET population with respect to the structural func-

tioning of local labor markets and macroeconomic conditions makes public interventions neces-

sary. Even though it is not clear whether young NEETs should go to public assistance agencies

if they are seeking better positions on the labor market,4 it is still worthwhile collecting more

information on what they value and the barriers they face if a minimum amount of social

cohesion is to be preserved. Such further research aims to design appropriate information

campaigns to direct young NEETs towards the most suitable solutions.

This paper mostly relies on the literature the effect of texting as a communication medium

for transmitting information. Meta-analyses and reviews from medical science suggest that

low-cost automated text messaging, designed to sustain individual efforts, is effective in help-

ing people to smoke less, fight against diabetes and lose excess weight. (Cole-Lewis and

4Reviews by Card et al. (2018) and Caliendo and Schmidl (2016) show that JSA programs have mostly
no effect for young people in difficulty in European countries. On the other hand, micro-econometric studies
by Crépon et al. (2005) and Behaghel et al. (2014) reveal positive effects of JSA on employment in France.
However, Cahuc and Le Barbanchon (2010) and Crépon et al. (2013) show the existence of negative spillover
effects leaving youth unemployment barely or completely unchanged.
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Kershaw, 2010; Mason et al., 2015). Thomas et al. (2017) also propose that automated text

messaging is effective in helping students to drink less alcohol during their tuition. Studies

from the marketing literature also pinpoint mostly positive effects of SMS as an effective chan-

nel for firms to increase the demand for their goods and services. Based on surveys following

large brand SMS campaigns carried out in 2001-2002 in the US with about 5,400 respondents,

Rettie et al. (2005) indeed show that advertising physical goods is effective in increasing con-

sumers’ purchasing intention. Field experiments in the economics of education yield more

mixed results. Castleman and Page (2015) detect a positive effect of about 10% on higher

education enrollment from sending a series of texts to high school students during summer

time, in order to counteract a potential drop in motivation. The effects were positive only for

students who had no existing plans after high school. Fryer (2016) find no effect on grades

from supportive texts for high school students in the US when they are provided with free

cell phones and texts sent daily. Oreopoulos and Petronijevic (2019) and Oreopoulos et al.

(2020) also find no effect from coaching text messages on academic performance for students

at the University of Toronto, even for those at risk of dropping out. To my knowledge, the

present paper is the first to test whether text messaging could be a viable way of informing

young NEETs about the existence of public assistance agencies located nearby. In contrast to

the results in the marketing literature and medical science, which find mostly positive effects,

but similarly to those found by the few field experiments in the economics of education, I find

no effect from texts as a communication medium for public agencies seeking to enroll more

young NEETs. As discussed below, this population may be hampered by deep psychological

or external barriers that cannot be overcome simply by sending text messages.

This paper also connects to the literature on program take-up through the provision of

information. In the US, some studies find positive effects from information letters on disabil-

ity insurance take-up (Armour, 2018), on the demand for tax credits (Bhargava and Manoli,

2015), on social security subscription (Finkelstein and Notowidigdo, 2019), on voting for

political elections (Gerber et al., 2008), and on labor force participation from letters cor-

recting misconceptions about social security earnings (Liebman and Luttmer, 2015). Barr

and Turner (2018) find a positive effect on higher education enrollment from letters pointing

out the benefits of training for displaced workers after the financial crisis. Bettinger et al.

(2012) find positive effects on college enrollment of American high-school students by assist-

ing them throughout the application process. In Canada, Oreopoulos and Dunn (2013) find

that online information and video tutorials increase the willingness of high-school students to

pursue higher education. In Germany, Berkes et al. (2019) find positive effects on improving

graduate students’ beliefs about the benefits of graduation returns by providing online infor-

mation via an interactive survey. Altmann et al. (2018) find a positive effect on exit from

unemployment from an information brochure pointing out the harm of being unemployed and

suggesting strategies for a return to job-seeking, but only among long-term high-risk unem-
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ployed job-seekers. In France, Goldzahl et al. (2018) find no effect from information letters

on breast-cancer screening uptake, which describe the risks of this form of cancer and suggest

a free-of-charge service with a voucher. However, it is difficult to disentangle the effect of the

information itself and the support arising from the way it is channeled in these studies, espe-

cially for those which involve several communication media or multiple information content

over time. In the present study, I go one step further in stylizing text messages with elements

taken from the literature in psychology and neuroscience about communication, allowing me

to disentangle the effect of style from the information itself. The study brings novel results

on, whether or not, providing information through stylized texts is relevant for boosting the

probability of NEET uptake of public assistance agencies compared to more standard texts.

It concludes that sending such texts does not increase the likelihood of NEET enrollment,

and that distance and past enrollment rates are not relevant in appealing to young NEETs.

The rest of the paper is organized as follows. Section 2 presents the relevant French

institutions and some characteristics of young NEETs. Section 3 describes the experimental

design. Section 4 shows and discusses the results of the experiment. Section 5 presents the

conclusions.

2 Background

This study concerns NEETs and information provision to encourage the uptake of public

assistance agencies. I start by briefly presenting the army days, then I portray the NEETs

identified, and finish with the presentation of the missions locales.

2.1 The French army day

All French youth are required to remain in the education system until the age of 16. While at

school, they start a citizenship pathway built on three compulsory stages. The first concerns

classes related to national defense all along 9th grade and 11th grade. The second involves

registering at the town hall at most three months after the sixteenth birthday. The third

stage is the army day, called ”La Journée Défense et Citoyenneté” (JDC).5

Young people attend the army day once after receiving an official invitation from the

Ministry of the Army, generally between their registration at the town hall and their eighteenth

birthday.6 Army days have taken place every year at different military centers since 1998.

About 40 to 50 young people attend a given army day at a specific military center. The

army day agenda takes place between 8:30 am and 5 pm. At the beginning of the day,

all participants have to fill in a form pertaining to their situation with respect to schooling

5More details at https://www.defense.gouv.fr/jdc/parcours-citoyennete.
6There are some exemptions and possibilities for rescheduling the army day under certain specific conditions.

Youth are allowed to attend an army day up until the age of 25.
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Figure 1: Evolution of the number of youths and NEETs attending army days per month

Source: SAGA 2013-2019 database, 5,154,495 observations, author calculations.

or the labor market. They take a 30-minute test before lunch to assess their proficiency in

French. During the rest of the day, military instructors aim to raise the participants awareness

of national security and of other social issues such as drug abuse, road safety, racism, etc.

They may also inform participants about public institutions that offer active programs of

possible interest to them. At the end of the day, participants receive a certificate of army day

attendance. This is required when taking any diploma or competitive exam under the control

of the public authority.7

Every year about 800,000 young people participate in army days. According to a report

from the French general accounting office, 96% of all French-born individuals do their army

day before they turn 25 (Courdescomptes, 2016). Figure 1 shows the numbers attending the

army days per month from January 2013 to July 2019. A cyclical pattern repeats itself every

year with regard to the number attending army days. The majority of French young people

do their army day between January and May or between September and November. Summer

time and December are generally reserved for individuals who were unable to attend their

army day following the first notification. A notable feature from the data is the persistence

of the number of NEETs attending the army day. Every month, about 5% of all participants

are NEET.

7Recently, young people only need to bring an official document stating their position with respect to the
army day without the need to attend it. The certificate is not needed after the age of 25.
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Table 1: Descriptive statistics of youth and NEETs during army days

Characteristics
% of all youth % of all NEETs

(1) (2)

Sex (Male) 51.11 61.15
Age

16-17 yo 95.55 75.24
18-21 yo 3.85 21.14
22-25 yo 0.60 3.62

School
Lower-Secondary 83.95 99.77
Vocational Upper-Secondary 10.58 0.21
General Upper-Secondary 5.05 0.02
Post-Secondary 0.42 0.00

Literacy
Level A 88.44 64.72
Level B 2.99 13.23
Level C 1.87 5.62
Level D 2.66 8.56
Level E 3.27 7.04

Guidance
Toward any partner public institution 11.79 63.49
Toward missions locales 2.19 32.46

Total number of observations 5,154,495 237,110

Note: This table reports descriptive statistics about some characteristics of youth and NEETs
during army days. “Age” is age at the army day. The category “School” for NEETs corresponds
to the level at which youth drop out of the school system. Level A for “Literacy” corresponds to
“normal literacy”, while Level E corresponds to “illiteracy” and LevelsB toD ranges for decreasing
medium levels. Partner public institutions of army days include Établissements pour l’insertion
dans l’emploi (EPIDE), Service militaire adapté (SMA), Centres d’informations et d’orientation
(CIO), Savoirs pour réussir (SPR) and the missions locales (ML).
Source: SAGA 2013-2019 database, author calculations.

2.2 Characteristics of army day participants

Information filled by youth at the beginning of the army day are recorded by military men

in an information system called Système d’aide à la gestion des administrés (SAGA). This

database is primarily used as an up-to-date census of French people who could be called-up

in wartime. It contains basic information on young people including their name, gender, date

of birth, birthplace, residential address, phone number, proficiency in French based on the

30-minute test, the educational level, and a set of dummies for NEET and guidance towards

partner public institutions.

Table 1 shows aggregated values of some characteristics averaged over the period January
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2013-July 2019. Information on all youths who attended the army day are shown in column

(1), while column (2) restricts the sample to NEETs. It appears that NEETs are more

often males, do their army day more often when older, more often have an educational level

equivalent to middle school, are less proficient in French, and are more inclined to agree to

be guided toward a partner institution which supplies mostly active labor market programs.8

2.3 Missions locales

Missions locales (ML) are a French institution dedicated to dealing with 16 to 25-years old who

potentially face problems in relation to employment, health, housing, transport, psychology,

etc. ML were created in 1982, extended over the following decades, and are now part of the

French public employment service.

There are about 440 agencies spread over the whole territory, accounting for about 6,500

reception sites and 13,000 caseworkers with connections with various local actors. On average,

485,000 youths registered annually for the first time over the last decade, nearly 60% of them

between the ages of 18 and 22. The mission locale agencies generally arrange individual

meetings, with more than 4,000,000 such meetings each year over the last decade (Seijo-Lopez

et al., 2018). These meetings may simply reflect an occasional need of information from the

youths or be carried out in the framework of a specific job search assistance program.

The institution has adopted a national strategy since 2014, based on a “work first” princi-

ple to help youths to overcome their problem through employment. In line with this strategy,

the institution created a new job search counseling program Garantie jeunes consisting of

collective workshops to find a job, individual meetings thereafter to support the efforts made,

and a monthly monetary allocation (≈ e500 maximum) for a year. The implementation of the

program had a positive effect on permanent employment of about +50% one year later, and

+30% after two years (Guillerm and Hilary, 2019). However, this program accepts candidates

with specific characteristics, and those who do not meet the criteria only have meetings with

caseworkers specialized in the area where they have a problem.

2.4 Military guidance towards the mission locale agencies

Despite the encouraging placements in the labor market, the overall level of enrollment in the

mission locale agencies is tending to diminish, falling from 534,000 in 2013 to 400,000 in 2017.

To reverse this trend at the local level, each agency is free to publicize its service through an

appropriate medium. Agencies may variously put up posters on walls, communicate through

8Eckstein and Wolpin (1999) showed that young dropouts have different characteristics than their graduate
counterparts and face more adverse consequences on the labor market. More recent empirical studies confirm
their lower likelihood of being invited for job interviews, or being in employment and their lower earnings
(Oreopoulos, 2007; Campolieti et al., 2010; Hervelin et al., 2020). They also report lower levels of well-being
and more health problems such as depression and substance abuse (Basta et al., 2019; Klug et al., 2019).
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social media, participate in school or business meetings, and so on. However, there is no

record or follow-up about the effects of such attempts.

At the national level, the main call for NEETs to join is made by military instructors

during the army days. Instructors are obliged to meet young people identified as NEET and

invite them with an individual meeting during the day’s break or lunch period. The instructors

first check that youths are NEET and the present them with a set of alternatives, including

the missions locale. If NEETs are motivated by this proposal, the instructors encourage them

to join the program. In parallel, they send names and details of the NEETs to the nearest

agencies, which are then supposed to contact the youths. Table 1 shows that about one-third

of the NEETs agree to be guided to a mission locale agency. Nevertheless, the instructors are

not able to determine whether the NEETs actually go to the agencies afterwards, or whether

the agencies make contact with them.

It is only possible to establish this by merging SAGA together with the information of

the missions locale IMILO on individual personal records. Table A.1.1 in Appendix A.1

shows that the effect of military guidance becomes positives when controlling for individual

characteristics and time. It increases the baseline probability of going to an agency (50%) by

about 20% (8.2 pp), and it shortens the average duration of going there (500 days) by about

2.5 months (-78 days). This effect is mostly explained by selection effects, because the NEETs

have the final word on being recorded as guided toward an agency. One important missing

variable is the date when youths became NEET, because their decision to be guided toward

an agency could be largely influenced by NEET duration.9 From these results, it follows that

the remaining share of young NEETs who do not go to a missions locale agency is still large.

These considerations were taken into account in the field experiment presented in the next

section.

3 Field Experiment

The experiment aims to analyze the probability of going to a public assistance agency follow-

ing the receipt of a text containing specific information. I start by presenting the different

treatment groups, then describe the structure of the texts and conclude with the protocol.

3.1 Treatment groups

The experiment involved sending two texts to youths identified as NEET during army days.

The texts include information about missions locale, the main actors dealing with youth

in France. The texts automatically guide NEETs to this public institution by providing

information on the agency located nearest to them. The information provided to NEETs

9The content of individual meetings are not recorded and informal discussions with representatives of the
army day indicate that instructors emphasize different elements when talking with the youths.
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Table 2: Control and treatment groups

Group Name

Control No text

Treatment 1 Neutral text

HELLO {FIRSTNAME}, THE {ML NAME} ADVISES YOUTHS ON THEIR
PROJECTS. MORE INFORMATION AT {ML ADDRESS}. THE 1ST
MEETING DOES NOT REQUIRE AN APPOINTMENT.

Treatment 2a Stylized text + distance

HEY {FIRSTNAME}, THE {ML NAME} ADVISES YOUTHS ON THEIR
PROJECTS. THIS ONE IS LOCATED ONLY {ML DISTANCE} KM FROM
WHERE YOU ARE. MORE INFORMATION AT {ML ADDRESS}. THE 1ST
MEETING DOES NOT REQUIRE AN APPOINTMENT! :)

Treatment 2b Stylized text + enrollment

HEY {FIRSTNAME}, THE {ML NAME} ADVISES YOUTHS ON THEIR
PROJECTS. {ML #ENROLLMENT} YOUNG PEOPLE LIKE YOU WERE
ENROLLED LAST MONTH. MORE INFORMATION AT {ML ADDRESS}.
THE 1ST MEETING DOES NOT REQUIRE AN APPOINTMENT! :)

Treatment 2c Stylized text + distance & enrollment

HEY {FIRSTNAME}, THE {ML NAME} ADVISES YOUTHS ON THEIR
PROJECTS. {ML #ENROLLMENT} YOUNG PEOPLE LIKE YOU WERE
ENROLLED LAST MONTH. MOREOVER, THIS ONE IS LOCATED ONLY
{ML DISTANCE} KM FROM WHERE YOU ARE. MORE INFORMATION
AT {ML ADDRESS}. THE 1ST MEETING DOES NOT REQUIRE AN
APPOINTMENT! :)

Note: This table reports the different groups in which youth were allocated during
the experiment and the content of the text they received. Elements in curly brackets
are variables that changed according to individual name and location.

differs according to different treatment texts in order to analyze the effect of this information

on the decision to go to the missions locale.

NEETs were randomly allocated to one of five groups with equal probability after their

army days. One fifth of the NEETs did not receive a text and thus constituted the control

group. Another fifth made up the first group treated and received a neutral text giving the

name and the postal address of the nearest agency. The remaining three fifths were allocated

to a second treatment group that differed in terms of the design of texts and sub-divided

according to an additional specific piece of information. All the second treatment groups

received the same basic information as the first. The first sub-treatment group “2a” was in

addition given the distance in kilometers between the individual and the agency. The second

sub-treatment group “2b” was in addition given the number of youths who went to this agency

the month before the army day. The third sub-treatment group “2c” combines information

10



Table 3: Structure of the text messages

Structure Elements

HELLO/HEY {FIRSTNAME} Upper-case
First-name

< CORE OF THE TEXT + SPECIFIC INFORMATION > Personal tone
Exclamation mark

THE 1ST MEETING DOES NOT REQUIRE AN APPOINTMENT! :) Smiling emoticon

Note: This table reports the main structure of the texts sent to treatment groups and their related elements.

provided in “2a” and “2b”. These two types of information are potentially important, because

knowing the exact distance to an agency can help to better evaluate the time needed to get

there, while the number of previous enrollments can help the individual better evaluate the

number of other young people who are in the same situation as its own.

Full texts related to each group are shown in Table 210. All texts are sent twice. Second

texts are similar to the first except they include an additional question asking if the youth

went to a mission locale. In line with the first texts, they are sent as a reminder because

some individuals, especially young people, may be time-inconsistent and thus procrastinate

doing some tasks (O’Donoghue and Rabin, 1999, 2001) or fail to predict their future behavior

(Ericson, 2011; Acland and Levy, 2015).11

3.2 Structure of the texts

Table 3 shows the main elements used to create the treatment texts. While neutral texts look

more formal and are quite similar to usual texts sent by some missions locale to their youths,

the other texts adopt a much informal tone and mimic what might be said in a face-to-face

conversation. This approach was motivated by the related literature in psychology and brain

sciences.12 Though upper-cases and the use of first names are two elements used in all texts,

the other elements are limited to the stylized texts.

Upper-case It is commonly acknowledged, after influential articles of Miles Tinker (1966)

that the speed of reading texts is faster when they are written in lower-case rather than

mixed- or upper-case. However the shape of letters and reading words instead of separate

10Table A.2.1 in Appendix A.2 shows the text contents in the original version and Figure A.2.1 shows how
they are displayed on a smartphone screen.

11Reminders seem to be effective to alleviate this problem (Altmann et al., 2017; Calzolari and Nardotto,
2016). The effect of reminders seem even larger when they are not expected by individuals (Ericson, 2017). This
reason led the experiment to include a second text one week after the first, without any previous notification
being sent.

12Different texts were presented to a group of caseworkers and youths enrolled in a mission locale agency in
the Paris area and were discussed until all agreed on the design and the content of information.
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letters influences the speed of reading (Perea and Rosa, 2002). In this regard, when the point

size is fixed as in phone texts, upper-case texts appear to be more legible than lower- or

mixed-case texts (Arditi and Cho, 2007).

First-name Many studies that require reflection on internal processes, such as theory of

mind, emotion, or perspective taking, find that subjects use similar active brain regions

(Wicker et al., 2003). Individuals’ MRI show a more active brain response in these zones

when individuals hear their own names (Carmody and Lewis, 2006).13 The same parts of

the brain are activated when subjects engage in a theory-of-mind task in relation to reading

sentences (Mitchell et al., 2002).

Personal tone With few exceptions, the tone of a conversation is led by a reciprocity prin-

ciple between people in the same environment (Jobert, 2010). Though a public text should

be aimed at numerous readers, it can be expressed as a private text addressed to a specific

person. Such a strategy justifies the use of the informal “tu” rather than the formal “vous”.

This introduces an informal, friendly and appropriate tone for some readers, and implies a

simple and direct action to comment or to follow. It can be also translated into a comprehen-

sion of social and cultural position (Pires, 2004). Moreover, it seems that “tu” is used in the

same way as “vous” in computer mediated communications (Williams and van Compernolle,

2009).14 Other parts of the texts like “FROM WHERE YOU ARE” or “YOUNG PEOPLE

LIKE YOU” are added to involve the reader more deeply. Mahatanankoon and O’Sullivan

(2008) show that information technology adoption is related to non-cognitive abilities and

that individuals with more external locus of control tend to favor less texting. Inclusion of

elements such as an informal tone are intended to reverse this feeling.

Exclamation mark Individual intuitions suggest that the use of a period at the end of

phone text is a negative signal.15. Empirical investigations tend to confirm this intuition

(Ling and Baron, 2016), especially for young students (Gunraj et al., 2016). Though there is

no scientific output on the use of exclamation point I am aware of, a search for ”exclamation

mark in text message” on Google indicates that exclamation marks are used to add emphasis

or express strong emotion such as excitement. Here, an exclamation mark is put at the very

end to give a feeling of dynamism when NEETs read the texts.

Smiling emoticon The basic functions of nonverbal cues in face-to-face communications

are providing information, regulating social interaction, and expressing intimacy that may in-

tensify or tone down the emotional expression (Lee and Wagner, 2002). In computer mediated

13 ”Remember that a person’s name is, to that person, the sweetest and most important sound in any lan-
guage.”, Dale Carnegie, How to Win Friends and Influence People, 1936.

14Note that in French, there are two forms of “you” when interacting with another person: “tu” and “vous”.
The latter is a more polite way of speaking and more often used when the two people do not know each other.

15”The period was always the humblest of punctuation marks. Recently, however, it’s started getting angry.
I’ve noticed it in my text messages and online chats, where people use the period not simply to conclude a
sentence, but to announce ’I am not happy about the sentence I just concluded.’” Ben Crair, sentence in New
Republic article, 2013, quoted in Gunraj et al. (2016).
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communication, there is an inherent lack of visual cues, which means that not all informa-

tion is fully transferred and may be misinterpreted (McKenna and Bargh, 2016). Therefore

emoticons can be used for the expression of emotion and/or for strengthening the verbal part

of the message. In particular, Derks et al. (2008) report that teenagers perceive a message as

more positive when it has a smiley in it.

3.3 Protocol and data collection

The experiment include youths who did their army day between 1st January 2019 and 31st

May 2019, as shown by the gray area in Figure 1. There were two particular conditions to be

satisfied in making the selection:

1. The youth was NEET and had never attended a mission locale agency.

2. A cell phone number was provided in order to deliver the texts properly;16

I used two administrative databases to carry out the experiment: SAGA and IMILO. Both

databases are updated monthly with a one-month lag, i.e. the SAGA database of February

2019 included all youths who did their army day up to January 31st. The same applies for

IMILO. After obtaining a copy of the two databases, I cleaned the information related to

personal records (last name + first name + gender + date of birth + place of birth). Once

the two databases were cleaned, I extracted the sample by merging them on names, using

the Jaro-Wrinkler distance algorithm (Christen, 2006) and exact matching on gender, date

of birth and place of birth. The output file listed NEETs who had never registered with a

mission locale agency.

The next task was to assign a particular mission locale agency to each youth. mission locale

agencies only accept youths who live in the same geographical area, generally at commuting

zone level or at department level if there is no small local agency. Otherwise, they redirect

them to the appropriate agency. Since postal address of both youth and mission locale agencies

were available in the data, I assigned the agency located nearest to each individual, based on

the geodesic distance algorithm (Karney, 2013) provided it was in the same administrative

department.

I ended up with a file containing an anonymous ID - linked with official IDs to recover all

the required information once the experiment was complete -, the first name of the NEET,

the name of the assigned mission locale agency, the postal address of the agency, the distance

in kilometers, and the number of youths enrolled in this agency during the month prior the

army day of the NEET. The youths were then randomly allocated to one of the five groups

with equal probability through a Python program. Those who were assigned to a treatment

16It appears that about 65% to 75% provided a (valid) phone number. This sample is similar to the whole
sample based on the available characteristics provided in SAGA.
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group received the first text on the following Wednesday morning around 10 am.17 The second

texts were sent seven days later at the same time.18 The two texts were individualized with

the information in the final file. The duration between the first text and the army day was

somewhat random according to when the Ministry of the Army delivered its database.

In total, 4,457 youths were in the experiment and 3,540 texts were sent two times from

6 March 2019 to 17 July 2019. Figure A.4 in Appendix A.4 shows the minimum effect I am

able to detect given the different sample sizes. It is clear that the experiment allows me to

detect a minimum effect of about ±4.5 pp at the 5% significance level and about ±3.7 pp

at the 10% significance level, considering a power of 80% when pooling all the groups who

received the SMS compared to the one who did not.19.

To conclude this section, Table A.3.1 in Appendix A.3 provides randomization tests with

differences in variable means. It appears that with very few exceptions the randomization was

successful. To ensure that the few statistically significant variables had zero impact on the

treatment assignment, I ran linear regressions of the treatment variables on the same set of

individual characteristics. Fisher tests show that every variable has a non-significant impact

on explaining treatment assignment. To complete the experiment, I merged the list of NEETs

participating in the experiment with the latest available version of IMILO (June 2020), giving

me an average one-year window to analyze whether or not the texts were effective in increasing

mission locale take-up.

4 Results

I start by presenting the intention-to-treat effects obtained on average and across several

dimensions. I also look at the effects of distance and previous enrollment on NEETs’ agency

take-up. Then, I turn to the probability of going to a mission locale agency over time.

4.1 Regression analyses

To analyze the overall effect of the texts and not only at a particular date, I estimate the

following linear probability model with Ordinary Least Squares (OLS) estimators:

yij = α+ βkTi=k +X ′γ + εij

17Twilio was the platform through which texts were sent. More information at twilio.org. The text sender’s
name was restricted to eight characters and set to “INFOS ML” for “Informations Missions Locales”.

18This schedule was chosen because Wednesday is a day when students have a whole free afternoon and
generally take decisions at this time. Given that NEETs might still behave like students according to some
informal discussions with mission locale caseworkers, it was hoped to maximize the effect of the texts.

19The expected sample size was about 10,000 youths so as to detect a minimum effect of ±0.025/0.030 with
a baseline mission locale take-up rate of about 25% one month after army day, at a 5% significance level and a
power of 80%. This sample size was first targeted by sending texts to NEETS who did their army days between
1 January 2019 to 31 December 2019 but a technical incident in June 2019 at the Ministry of the Army and a
change their information system in September 2019 changed the initial plan.
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Table 4: Intention-to-treat effects

OLS Estimates
Entry to ML (0/1)

(1) (2) (3) (4) (5) (6)

Neutral text -0.0003 -0.0000 0.0016 0.0020 0.0026 0.0020
(0.0165) (0.0168) (0.0171) (0.0174) (0.0180) (0.0181)

Distance text -0.0118 -0.0123 -0.0119 -0.0122 -0.0128 -0.0128
(0.0110) (0.0111) (0.0139) (0.0140) (0.0150) (0.0152)

Enrollment text -0.0116 -0.0118 -0.0070 -0.0068 -0.0056 -0.0054
(0.0200) (0.0200) (0.0195) (0.0194) (0.0199) (0.0200)

Distance + Enrollment text -0.0155 -0.0162 -0.0201 -0.0200 -0.0215 -0.0217
(0.0132) (0.0131) (0.0147) (0.0152) (0.0153) (0.0158)

Constant (≈ No text mean) 0.1864*** 0.1866*** 0.1860*** 0.1858*** 0.1859*** 0.1861***
(0.0147) (0.0146) (0.0159) (0.0160) (0.0166) (0.0130)

N 4,103 4,103 4,103 4,103 4,103 4,103
R-squared .0003 .0007 .0223 .0242 .0281 .0299
βNeutral = βStylized .1599 .1314 .1099 .1107 .0957 .1020
Information displayed No Yes Yes Yes Yes Yes
Individual characteristics No No Yes Yes Yes Yes
Agency characteristics No No No Yes Yes Yes
Location characteristics No No No No Yes Yes
Month fixed effects No No No No No Yes

Note: This table reports OLS estimates, where the dependent variable is a dummy variable equal to one if the individual went to
a mission locale after its army day, zero otherwise. “X text” are dummy variables equal to one if the individual received a specific
treatment text, zero otherwise. Displayed information corresponds to variables that might have been displayed in the different
treatment texts as the distance in km to the agency and the number of youths enrolled in the agency on the month before the
army day. Individuals characteristics include demeaned dummies for gender, birthplace, age at the army day, literacy level, region
of residency. Agency characteristics include demeaned dummies for the number of agencies, number of committee rooms, number of
points of contacts, number of firms in portfolio, number of caseworkers, mean age of caseworkers, share of male caseworkers, average
number of caseload per caseworker. Location characteristics include demeaned dummies for disadvantaged area, type of city, local
unemployment rate, number of services, number of stores, number of schools, number of transport modes, and number of leisure
facilities. Robust standard errors are clustered at the month of the army day level and reported below coefficients in parentheses.
Finally, the same regressions are re-ran with merged “Distance” & “Enrollment” & “Distance + Enrollment” texts into one “Stylized
text” variable, equal to one if at least one the three others is equal to one, to perform a Student test for equality between “Neutral
text” and “Stylized text”. The p-value of this test is shown in the line βNeutral = βStylized. *** significant at 1 percent.

where yij is a dummy variable equal to one if youth i went to the mission locale agency j, zero

otherwise. Ti=k is a dummy variable equal to one if youth i received texts with information

k ∈ {Neutral, Distance, Enrollment, Distance + Enrollment} as depicted in Section 3.1. X

is a vector of control variables including information displayed in the text (the distance in

kilometers to the agency j and/or the number of youths who registered at the agency j during

the month prior the army day), individual characteristics, agency characteristics, location

characteristics, and month fixed effects. These control variables are introduced as demeaned

dummies. εij is a residual term, orthogonal to treatment variables through randomization.

Turning to parameters, βk is of interest and measures the intention-to-treat (ITT) effects,

i.e. the differential in probabilities of going to a mission locale agency in comparison to the

control group (which receive no text at all) with each group receiving a treatment text k.

The OLS estimates of β are reported in Table 4. Column (1) reports the estimates without

control variables as a baseline estimation, while columns (2) to (6) introduce all the covariates

progressively. The results, which are very stable across specifications, confirm the absence of

statistically significant effects of treatment texts on the probability of going to a mission locale
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agency.20 Neutral texts induce a quasi-positive zero effect, while enrollment texts induce a

quasi-negative zero effect. Distance texts and distance + enrollment texts induce a negative

effect of about -1.3 pp and -2.2 pp respectively, i.e. a negative effect of about -6.9% and -11.7%

given the baseline take-up of the control group (18.6%). Neither of results are statistically

different from zero.21 In addition, I re-run the same regressions by merging the different

second sub-treatment groups into one group called “Stylized text” and carry out a Student

test to analyze whether stylized texts have a different effect from neutral texts. P-values

reported in Table 4 show the two types of treatments do not differ from each other.

The probability of going to a mission locale agency might differ on different dimensions.

In order to analyze potential heterogeneous effects, I provide estimates of β by splitting my

sample according to the characteristics included as control variables in the above equation.

Tables A.8.1, A.8.2, and A.8.3 in Appendix A.8 show estimates according to individual, agency

and location characteristics respectively. Individual characteristics thus include gender, age

at the army day, literacy level, and being guided to a mission locale by military instructors.

Agency characteristics include the number of offices related to the agency, the number of

committee rooms, points of contacts, and partnership firms. It also shows estimates according

to caseworkers working for the agency, such as their number, the share of males, their age,

and the average number of caseloads per caseworker. Location characteristics include the

disadvantaged nature of the area22, the type of city, the unemployment rate, and the number

services, schools, forms of transports, and leisure facilities.23

Standard inferences from OLS regressions are shown in panels A of the three tables and

indicate that some stylized texts have a significant effect on the uptake probability across

some characteristics. For instance, it seems that stylized texts providing information on past

enrollment increase the uptake probability by 34% (6.2 pp) when the individuals lives in a

disadvantaged area. However, each table also contains robustness checks with boostrap p-

values in panels B, and randomization inference p-values in panels C, each obtained after

1,000 random replications. It is clear that estimates of treatment texts which were significant

are not robust to these two procedures and become non-significant or very few become nearly

significant at the 10% confidence level. More replications and use of alternative statistics for

20To address concerns about non-linear effects, I report the estimate of β with a Probit model. Table A.7.1
in Appendix A.7 shows that the estimated marginal effects are very similar to the OLS results. This similarity
holds for all the results in the paper using OLS estimations.

21I am not able to determine whether or not youth actually opened their text messages but according to
the 2018 annual barometer of the marketing mobile association France, about 95% of commercial texts were
opened. According to Esendex, 100% of those aged 18-24 opened their texts in 2018 when a name was provided.
Overall, the average treatment effects on the treated (ATT) should be similar to the ITT.

22Disadvantaged areas refer more specifically to the French quartiers prioritaires de la ville, which refer to
areas within cities that need more political and economic support.

23Youth characteristics were taken from SAGA, agency characteristics from IMILO, and location character-
istics from the French statistical institute’s open data. When the covariate is originally a continuous variable,
it is transformed into a dummy variable equal to one if its original value is higher than the median value, zero
otherwise. Results are similar when the chosen threshold is the mean value (results are available upon request).
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Table 5: Effects of distance and enrollment on take-up

OLS Estimates
Control Neutral

Stylized
Distance Enrollment Dist. + Enroll.

(1) (2) (3) (4) (5)

log(distance) -0.0168** -0.0039 -0.0008 -0.0014 0.0018
(0.0084) (0.0133) (0.0081) (0.0058) (0.0086)

log(enrollment) 0.0293 -0.0194 0.0189 0.0065 0.0356
(0.0284) (0.0214) (0.0216) (0.0078) (0.0250)

N 837 833 802 841 790
R-squared 0.0414 0.0476 0.0411 0.0468 0.0495
Month fixed effects Yes Yes Yes Yes Yes

Note: This table reports OLS estimates, where the dependent variable is a dummy variable equal to one if the individual
went to a mission locale agency after its army day, zero otherwise. Distance between the youth location and agency location
is in log-km. Enrollment is the logarithm of the number of youths enrolled in the agency in the month before the army
day. Month fixed effects are accounted for the timing at which the texts were sent. Robust standard errors are clustered
at the month of the army day level and reported below coefficients in parentheses. ** significant at 5 percent.

the randomization inference procedure deliver non-significant effects of the treatment text.24

As complementary elements, Table 5 shows the specific effects of distance and previous

enrollment rates on the current take-up probability for each group of the experiment. Firstly,

it appears that distance has a negative effect on take-up for the control group. When the

distance between a youth and an agency increases by 1%, the take-up probability decreases

by 1.7 pp on average. However, this negative effect disappears when youths received a text

with information on the agency. This effect might be the result of better knowledge about

the agency’s exact location, which allow the receiver to better assess the time needed to get

there, instead of approximation without this information. Secondly, the number of previous

enrollments in the agency has no impact on the take-up probability for the control group and

this impact remains null for treated groups.

4.2 Duration analyses

I push the analysis further by looking at the evolution of the mission locale take-up rate over

time with respect to the type of group NEETs were allocated to.25 Figure 2 shows the survival

curve associated with each group obtained after a Kaplan-Meier estimation of the respective

survival rate, assuming random censoring.26 Here, the “event of death” is to go to an agency

at some date, making survivors those who are not yet registered at an agency.

24It should be noted that the experiment was not designed to test heterogeneous effects in the first place.
25Potential dynamic selection can appear over time such that the different groups are not comparable any-

more. Duration models are rather used to test the robustness of the linear model in this section.
26The survival rate is the probability that an event of interest has not occurred at time t, or survive after time

t. Its mathematical formulation is S(t) = Pr(T > t) = 1− F (T ), where t is the number of days elapsed since
the day of start, T is the number of days before the event occurs, and F (T ) the probability distribution function
of random variable T . Random censoring is when each individual has a censoring time that is statistically
independent of their failure time.
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Figure 2: Survival rates in non-ML situation

Note: Date 0 corresponds to the date of the army day. The two vertical dotted lines show the mean dates at
which the first and second SMS were sent respectively. “Non-ML” situation refers to a situation where youths

are not registered at a mission locale yet (N = 4,457).

Date 0 is the date of army day. The data allows me to follow youths for about one year. It

appears that none of them went to a public agency during the first three weeks following their

army days.27 The survival rates then steadily decrease over 300 days and stabilize at 82.5%

thereafter. This figure means that after 300 days from the army day, 27.5% of the NEETs had

gone to a mission locale agency. In other words, the probability of a NEET going to a mission

locale agency after 300 days is 27.5%. There is no clear evidence that the probability of going

to a public agency changes in a different manner over time from one group to another.

Confidence intervals are not display for aesthetic reasons but Table A.5.1 in Appendix 4.2

provides p-values associated to log rank tests of equality between all survival curves. It is

clear that I am not able to reject the null hypothesis of equality, meaning that no treatment

text shortens the duration at which NEETs take up the mission locale agency proposition.

Figure A.5.1 in Appendix 4.2 shows the survival curves by month of the army day since the

timing at which the texts were sent differs, but there is no difference with the general pattern.

I then turn to a proportional hazard model to estimate the effect of the different texts on

the probability of going to a public agency at a particular date after the army day, controlling

for time and individual characteristics.28 The proportional hazard model is estimated with

27In fact, about 300 individuals were removed from the experiment ex-post because they went to a mission
locale agency between the date of their army day and the date of the first text they received.

28The proportional hazard model assumes that the hazard ratio should be constant throughout the study
period. The hazard ratio is the ratio of the hazard rate of a particular group over the hazard rate of the
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Figure 3: Estimates of treatment effects on the hazard ratios

Note: Estimates of treatment effects on the hazard ratios are obtained with a proportional hazard model
estimated by Cox regression with covariates (N = 4,457). Results are shown in Table A.6.1.

a Cox regression and results are shown in Table A.6.1 in Appendix A.6. The effect of the

treatment groups are separately shown in Figure 3 for easier representation.29 The effect of

the neutral texts is slightly positive, while the effect of the stylized texts are slightly negative.

However, it is clear that none of the texts has an effect significantly different from zero on the

probability of going to a public agency at a particular date compared to the control group.

As stated above, potential dynamic selection can appear over time and the results must be

seen as robustness checks of linear regression models, especially as the Cox estimates are in

line with the OLS estimates.

4.3 Interpretation

Overall, the treatment texts have a non-significant effect on the probability of going to a mis-

sion locale agency, whether they are written in the simplest way or stylized according to how

youths communicate. They also have a non-significant effect in relation to various character-

istics, whether at the individual, agency or location level. Apart from the minimum effect

the experiment is able to detect, there may be several reasons for the absence of significant

reference group. The hazard rate is defined as the probability that an event occurs at a particular date, given
the number of days already elapsed. Its basic mathematical notation is θ(t;x) = limdt→0

Pr(T |T∈[t;t+dt[,x)
dt

,
where t is the number of elapsed days since the date 0, T is the date at which the event occurs, dt is the
variation of time, and x is a set of characteristics. This model also assumes that the characteristics are fixed
over time, which is the case here given the variables included in x.

29The impact of all covariates are represented graphically in Figure A.6.1 in Appendix A.6.
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results.

First, information on distance and past enrollment may be not relevant for this population.

Figures A.9.1 and A.9.2 in Appendix A.9 show densities of both guided and non-guided youths

after the army days in relation to the distance to and previous enrollment in a mission locale

agency. For both these, it seems that the share of NEETs is the same throughout the two

distributions, irrespective of whether or not guidance is given by military instructors. It is thus

an implicit way of saying that military actions do not rely on these two pieces of information,

at least in a distinctive way. Instead, military instructors could emphasize other elements to

increase uptake probability, such as the importance of not remaining NEET. Otherwise the

chances of entering the labor market afterwards are reduced.

Second, the time delay between the army days and the texts may have been too long in

practice. On average, texts were sent 50 days after an army day because of the time constraint

in obtaining the data. This time window may have been too wide for a text to be effective,

whereas a smaller windows might have been preferable, since military instructors had first

inform the youths about the existence of a mission locale agency. Thus, providing a text

sooner after the army day might have been more effective, although when looking at daily

variations between the army days and the texts does not yield significant effect.

Third, the design of the texts may be unsatisfactory and alternative designs might be

more appropriate. One can imagine sending several texts at time intervals. These texts could

be a combination of both salient information and coaching messages to engage the recipients

to take action. They could also include other aspects of how youths communicate through

texts and integrate the possibility of two-way interaction. Interactions could be managed by

a robot trained to interact with youth, based on “chatbots” in firms’ websites.

Fourth, the psychological constraints may be too strong for a text to be effective. Human

decision behavior is complex, flexible, and context dependent. Although texts were individu-

alized, each NEET may face a unique problem that prevents changing his behavior. Though

selected, positive effects of military guidance may mean that face-to-face communication is

more effective at triggering a change in the behavior of some youths. Combined with the aura

of the uniform, they may be more sensitive to the so-called “messenger effect” (Wilson and

Sherrell, 1993), and individual meetings seem appropriate to update in real time the set of

information needed to adjust incentives (Dolan et al., 2012).

One may argue that young people’s expectations are misaligned with reality. Some may

overestimate their propensity to exit from a NEET situation and find a sustainable alternative

by themselves.30 Young NEET may try to use their private and informal networks to gain

30Spinnewijn (2015) shows that 80% of US job seekers underestimated their unemployment duration. Mueller
et al. (2018) show that about 10% of the incidence of long-term unemployment can be attributable to optimistic
bias in the job finding rate. Algan et al. (2016) demonstrate that youths who received assistance from the
missions locales to create their own firm had unrealistic projects given their skills and the current state of local
labor markets.
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access to the labor market, if it appears to them to be an effective strategy to get stable

employment and higher wages (Kramarz and Skans, 2014; Dustmann et al., 2016). However,

the formation of private job information network is likely endogenous (Ioannides and Loury,

2004) and it is likely that NEETs are locaed in the bottom tier of their network rather

than the top tier (or at its periphery rather than its core), making them more likely to

end up in lower payoff situations (Herskovic and Ramos, 2020). Conversely, young NEETs

may underestimate their own abilities and present external locus of control and/or display

serious lack of confidence in themselves (Mendolia and Walker, 2015; Mawn et al., 2017). In

turns, this induces NEETs to reduce their search effort for employment (Kanfer et al., 2001;

Caliendo et al., 2014) and probably other alternatives, especially during a period of mass

unemployment (Krueger and Mueller, 2011). As NEETs may be located beyond the reach

of public authorities, they may even feel abandoned and locked into their NEET situation.

Thus, informing young NEETs through simple SMS has little chance of triggering the hoped-

for behavior.

In line with the above statements and associated to the difficulty of implementing more

face-to-face communications with NEETs when outside the reach of the authorities, text

messages with information can not be effective if the barriers that impel youths to enroll are

also structural, such as the absence of transport, lack of monetary resources, residence in an

economically depressed area, etc. Even though it is not clear whether or not young people

should attend job search assistance programs, dealing with public assistance agencies may still

be a more valuable option for society than letting some of them remain NEET. Drawing on

behavioral models, such as the Theoretical domains framework (TDF) (Atkins et al., 2017) or

the Capability-Motivation-Opportunity behavior (COM-b) model (Michie et al., 2011), may

be of help for enhancing understanding of the constraints young people face when choosing

among a set of alternatives.

5 Conclusion

A non-negligible share of young NEETs are not in contact with the public employment service.

Although it is not clear whether attending public assistance agencies helps this population to

improve access on the labor market overall, there are other gains in helping this population to

extract themselves from loneliness, health problems, and trust issues. This paper contributes

to the understanding of some determinants that may help them to value differently the public

assistance agency option. I provided information on location, distance in kilometers, and

past enrollment of such agencies to NEETs located nearby. This information was provided

experimentally through text messaging to randomly allocated NEETs. Moreover, some of the

texts were stylized in accordance with the psychology and brain science literature. Results

indicate no effect of texts on agency uptake probability overall or across several dimensions.
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Texts do little to change the effect of this information on agency uptake. While information

on distance and past enrollment rate do not seem relevant, information on other elements

such as youth employment rates or monetary benefits could be of greater interest.

Lastly, further research to learn more about NEET characteristics and what NEETs value

is essential in order to better understand the motives of this population and offer them more

appropriate solutions.
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A Appendix

A.1 Military guidance

Table A.1.1: Effects of military guidance on mission locale uptake

OLS Estimates
Entry to ML (0/1) Time delay (in days)

(1) (2) (3) (4) (5) (6)

Guided -0.0826*** 0.0196** 0.0827*** -39.0245*** -180.2866*** -78.3699***
(0.0039) (0.0078) (0.0107) (5.8361) (33.4892) (21.6401)

Male 0.0132*** 0.0132*** -22.5268*** -19.7562***
(0.0033) (0.0033) (5.1857) (4.9097)

Under 18 0.0329*** 0.0409*** -72.5877*** -48.7616***
(0.0038) (0.0034) (7.0893) (5.0210)

No diploma -0.0721** -0.0522* 130.8770*** 114.9493***
(0.0284) (0.0273) (38.8556) (40.2545)

Normal literacy 0.0555*** 0.1060*** -140.2672*** -61.2704***
(0.0086) (0.0105) (31.3574) (20.6465)

Constant 0.4842*** 0.4490*** 0.4272*** 496.4775*** 582.8007*** 496.6834***
(0.0148) (0.0132) (0.0037) (24.0999) (29.5355) (7.7115)

N 110,121 110,121 110,121 50,186 50,186 50,186
R-squared .0062 .1063 .1578 .0013 .0177 .1535
Control variables No Yes Yes No Yes Yes
Month×Year fixed effects No No Yes No No Yes

Note: This table reports OLS estimates, where the dependent variable is a dummy variable equal to one if the individual went to
a mission locale after its army day, zero otherwise, for columns (1) to (3); and a continuous variable indicating the time to go in a
mission locale in month if he actually went to a mission locale for columns (4) to (6). “Guided” is a dummy variable equal to one
if the individual has been openly guided toward a mission locale during its JDC, zero otherwise. Individuals characteristics include
demeaned dummies for gender, birthplace, age at the army day, school level, literacy level, department of residency. Robust standard
errors are reported below coefficients in parentheses. * significant at 10 percent, ** significant at 5 percent, *** significant at 1 percent.
Source: merged SAGA (2013-2019) and IMILO (2020).
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A.2 Original version of the texts

Table A.2.1: Control and treatment groups

Group Name

Control No text

Treatment 1 Neutral text

BONJOUR {PRÉNOM}, LA MISSION LOCALE {NOM ML} AIDE LES
JEUNES À TRAVAILLER SUR LEUR PROJET. PLUS D’INFORMATIONS
SUR PLACE AU {ADRESSE ML}. LE 1ER ACCUEIL EST SANS
RENDEZ-VOUS.

Treatment 2a Distance text

SALUT {PRÉNOM}, LA MISSION LOCALE {NOM ML} AIDE LES JEUNES
À TRAVAILLER SUR LEUR PROJET. CELLE-CI NE SE TROUVE QU’À
{DISTANCE KM ML} KM DE CHEZ TOI. PLUS D’INFORMATIONS SUR
PLACE AU {ADRESSE ML}. LE 1ER ACCUEIL EST SANS RENDEZ-VOUS
! :)

Treatment 2b Enrollment text

SALUT {PRÉNOM}, LA MISSION LOCALE {NOM ML} AIDE LES JEUNES
À TRAVAILLER SUR LEUR PROJET. {NB JEUNES AIDÉS ML} JEUNES
COMME TOI ONT ÉTÉ ACCUEILLIS LE MOIS DERNIER. PLUS
D’INFORMATIONS SUR PLACE AU {ADRESSE ML}. LE 1ER ACCUEIL
EST SANS RENDEZ-VOUS ! :)

Treatment 2c Distance + Enrollment text

SALUT {PRÉNOM}, LA MISSION LOCALE {NOM ML} AIDE LES JEUNES
À TRAVAILLER SUR LEUR PROJET. {NB JEUNES AIDÉS ML} JEUNES
COMME TOI ONT ÉTÉ ACCUEILLIS LE MOIS DERNIER. EN PLUS,
CELLE-CI NE SE TROUVE QU’À {DISTANCE KM ML} KM DE CHEZ TOI.
PLUS D’INFORMATIONS SUR PLACE AU {ADRESSE ML}. LE 1ER
ACCUEIL EST SANS RENDEZ-VOUS ! :)

Note: This table reports the different treatment groups in which youth was allocated
during the experiment and the original content of the text they received. Elements
in braces are variables that changed according to individual name and residency.
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Figure A.2.1: Real examples of texts displayed on an iPhone screen

Note: The texts are shown in a screenshot taken during the pilot experiment in December 2018.
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A.3 Randomization tests
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A.4 Power of the experiment

Figure A.4.1: Minimum detectable effect of the experiment

Note: The experiment include 4,457 observations which allow to detect a minimum detectable effect of ≈ 4.5
pp at 5% and ≈ 3.7 pp at 10% significance, with a power of 80%, when all treatment groups are pooled

together.
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A.5 P-values and monthly survival curves
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Figure A.5.1: Monthly survival curves

(a) Survival rates (b) Survival rates in January

(c) Survival rates in February (d) Survival rates in March

(e) Survival rates in April (f) Survival rates in May

Note: Months are defined according to the month of the army day.
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A.6 Proportional hazard model outputs
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Figure A.6.1: Estimates of treatment and covariate effects on the hazard ratios

Note: Estimates of covariates on the hazard ratios are obtained with a proportional hazard model estimated
by Cox regression shown in Table A.6.1.
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A.7 Non-linear model estimates

Table A.7.1: Intention-to-treat effects

Probit Estimates
Entry to ML (0/1)

(1) (2) (3) (4) (5) (6)

Neutral text -0.0003 -0.0000 0.0023 0.0032 0.0037 0.0029
(0.016) (0.016) (0.017) (0.017) (0.018) (0.018)

Distance text -0.0117 -0.0122 -0.0111 -0.0112 -0.0122 -0.0123
(0.011) (0.011) (0.014) (0.014) (0.015) (0.015)

Enrollment text -0.0115 -0.0115 -0.0070 -0.0062 -0.0056 -0.0053
(0.020) (0.020) (0.019) (0.019) (0.020) (0.020)

Distance + Enrollment text -0.0155 -0.0160 -0.0202 -0.0198 -0.0210 -0.0214
(0.013) (0.013) (0.014) (0.015) (0.015) (0.015)

N 4,103 4,103 4,103 4,103 4,103 4,103
Pseudo R-squared .0003 .0009 .0249 .0270 .0312 .0331
Information displayed No Yes Yes Yes Yes Yes
Individual characteristics No No Yes Yes Yes Yes
Agency characteristics No No No Yes Yes Yes
Location characteristics No No No No Yes Yes
Month fixed effects No No No No No Yes

Note: This table reports marginal effects from Probit estimates, where the dependent variable is a dummy variable
equal to one if the individual went to a mission locale after its army day, zero otherwise. “X text” are dummy
variables equal to one if the individual received a specific treatment text, zero otherwise. Displayed information
corresponds to variables that might have been displayed in the different treatment texts as the distance in km to
the mission locale and the number of youths enrolled in the mission locale on the month before the army day.
Individuals characteristics include demeaned dummies for gender, birthplace, age at the army day, literacy level,
region of residency. Agency characteristics include demeaned dummies for the number of agencies, number of
committee rooms, number of points of contacts, number of firms in portfolio, number of caseworkers, mean age
of caseworkers, share of male caseworkers, average number of caseload per caseworker. Location characteristics
include demeaned dummies for disadvantaged area, local unemployment rate, number of services, number of stores,
number of schools, number of public transports, number of leisure facilities, number of tourism agencies. Robust
standard errors are clustered at the month of the army day level and reported below coefficients in parentheses.
*** significant at 1 percent.
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A.8 Heterogeneous intention-to-treat effects
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A.9 Histograms of distance and enrollment for compliers

Figure A.9.1: Density of youth enrolled in missions locales according to distance

Note: The distance is calculated in kilometers between youth’s address and the mission locale address he
enrolled in after the army day.

Source: merged SAGA (2013-2019) and IMILO (2020), author calculations.
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Figure A.9.2: Density of youth enrolled in missions locales according to previous enrollment

Note: Past month enrollment corresponds to the number of youths enrolled in the mission locale one month
before the army day.

Source: merged SAGA (2013-2019) and IMILO (2020), author calculations.
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